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ABSTRACT

The abstract entitled “Clinical Health Risk Prediction of Chronic Diseases from Sequential Pattern Mining ™.
In the medical field, chronic diseases have been among the major concern which need prior assessment and
detection. In this paper, a novel system for early evaluation on chronic diseases by mining successive risk and
disease stage detection from analytic clinical records using effective sequential rules mining and classification
methods.

The proposed system collects patient’s medical history as input and predicts the risk of chronic disease with the
condition score, which may help to the clinical team to select optimal solution. The proposed system performs
effective pre-processing, sequential risk detection, classification with handling the class imbalance
problem, and finally performs the post analysis and decision making process for the patient electronic health
records.

The proposed system uses UCI repository data and performs risk prediction on health and liver chronic
disease datasets. The system performs resampling process to effectively overcome the class imbalance problem.

The results and analysis are performed using Weka and C#.net tool which provides the comparison analysis

with accuracy, prediction time delay, and accuracy in decision selection etc.

I.INTRODUCTION

Data and information have become major assets for most businesses. Knowledge discovery in medical databases
is a well-defined process and data mining an essential step. Databases are collections of data with a specific well
defined structure and purpose. The programs to develop and manipulate these data are called DBMS.

Knowledge discovery in databases is the overall process that is involved in unearthing knowledge from data.
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Data mining is concerned with the process of computationally extracting hidden knowledge structures
represented in models and patterns from large data repositories. In paper [1] author defines KDD as a non-trivial
process of identifying valid, novel, potentially useful and ultimately understandable patterns in data. According
to this definition, data are any facts, numbers or text that can be processed by a computer. The term pattern
indicates models and regularity which can be observed within the data. The patterns, associations or
relationships among all this data can provide information and it can be converted into knowledge about
historical patterns and future trends. There are other steps such as data preprocessing, data selection, data
cleaning and data visualization which also part of the KDD process.

Data mining is an interdisciplinary field of study in databases, machine learning and visualization’. It helps to
identify the patterns of successful medical therapies for different illnesses and also it aims to find useful
information from large collections of data .

Data mining is the core of KDD which is used to extract interesting patterns from data that are easy to perceive,
interpret and manipulate. It is the science of finding patterns in huge reserves of data, in order to generate useful
information. The KDD process comprises of few steps leading from raw data collections to form new
knowledge.

As shown in Figure 1.1, described the knowledge discovery process as consisting of an iterative sequence of
data cleaning, data integration, data selection, data mining pattern recognition and knowledge presentation. Data
mining is the search for the relationships and global patterns that exist in large databases hidden among large
amounts of data. A target data set must be assembled before data mining algorithms can be used. A common
source for data is a data mart or data warehouse and pre-processing is essential to analyze these multivariate
data sets. The final step of knowledge discovery from data is to verify that the patterns produced by the data
mining algorithms occur in the wider data set.
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Figure 1.1 Knowledge discovery process
The discovered knowledge may contain rules that describe the properties of the data, patterns that occur
frequently and objects that are found to be in clusters in the database etc., the motivation for handling data and
performing computation is the discovery of knowledge. The KDD process employs data mining methods to
identify patterns at some measure of interestingness and it is the process of turning the low-level data into high-
level knowledge.
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Figure2.1 steps involved in the health risk prediction process
Figure 3.1 Proposed system architecture

Figure 3.2 sequential data samples from the diagnostic records
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V. CONCLUSION

The study proposed a new chronic disease prediction and sequential data mining scheme with different types of
data’s. The system studied the main two problems in the literature, which are sequential pattern mining time and
classification delay. The study overcomes the above two problem by applying the effective enhanced LAPIN
approach with intensive fuzzy algorithm. The LAPIN represents with the effective splitting criteria which has
been verified by the INF algorithm. The system effectively identifies the disease from the sequential codes and
its risk patterns, the sub type which is referred as the percentage of class such as normal and disease.

In summary, in this work, the main emphasis is placed on discovering the sequential risk patterns, which are
well interpretable to predict the health risk of a new unknown instance.

The experimental results are evaluated using the C#.net and Weka. The experimental result shows that
integrated extended LAPIN with INF algorithm shows better quality assessment compared to traditional fuzzy
techniques. From the experimental results, the execution time calculated for classification object is almost

reduced than the existing system.
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